series expansion, we have St  S0 ℎ , then substitute into equation 1 and get the formula, Rt = R0S0 ℎ . Taking logarithms of both sides, we reduce the formula, ln(Rt) = ln(R0S0) + ht + Ct, and finally simplified as ln(Rt) = K + ht + Ct (equation 2), where K = ln(R0S0) and  and
Technical Appendix log-Linear Regression Model for Real-Time Effective Reproduction Number Rt
The real-time effective reproduction number at time t, denoted by Rt, represents an instantaneous measure of transmissibility, defined as the average number of secondary infections generated by a typical primary infectious case at time t. When Rt exceeds 1, the epidemic will continue to spread. R0 is the basic reproduction number (a measure of initial transmissibility), St is the proportion of susceptible individuals at time t, and It is the number of infectious cases at time t. Based on standard general epidemic theory, Rt depends on the initial intensity of disease transmission (i.e., R0) and the proportion of susceptible individuals at that time t (i.e., St), i.e., Rt Applying the multivariable log-linear regression model as described by equation 2, the regression coefficients (̂, ̂, and ̂) can be estimated. The value of S0 represents the preimmunity in the population (e.g., S0 = 1 indicates no preimmunity in the population). We reported results in the main text on the basis of no preimmunity. A sensitivity analysis was performed assuming different levels of preimmunity in the population (Technical Appendix Table 1 ). The estimated reduction in influenza B virus infections was shown to be robust over a plausible range of preimmunities. To simulate incidence under no school closure, we set Ct = 0 throughout the original school closure period.
Sensitivity Analysis
From the regression analysis, we found ̂ = -0.12 (95% CI -0.19 to -0.04) and ̂ = 0.345 (95% CI 0.302-0.388). By using formula ̂ = ln(R0S0), we find R0S0 = ̂ = 1.412. We assumed an immunity of 0.1%-30.1% at the start of the epidemic (i.e., reduced initial susceptibility) and performed the simulation under each scenario. We found a similar reduction in the infection rate during the implementation of a 1-week school closure in Hong Kong (Technical Appendix Table   1 ). Further, we also simulated the hypothetical impact of school closures 1 week or 2 weeks earlier, for 2 or 3 weeks total, respectively, and estimated that these school closures would have reduced the total infections by 8.6% or 13.5%, respectively.
Data Source
We used data on influenza virus from the Public Health Laboratory Services branch of 
